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Abstract

This article examines the organization of adaptive learning within a digital educational environment in higher education. It
introduces N. Fleming’s VARK learning style model, which reflects the psychological characteristics of cognitive structures
and students’ preferred modes of interacting with educational content. The study also considers J. Bruner’s methodology,
which supports differentiated instruction based on dominant thinking styles and enables an individualized approach to
analyzing and processing learning material.

Drawing on these theoretical foundations, an adaptive programming learning model was designed and implemented for
students majoring in Informatics. As part of the implementation process, digital instructional modules were developed and
integrated into the Khan Academy platform. In the experimental phase, students completed courses tailored to their cognitive
styles, which led to an average 15% improvement in academic performance and enhanced understanding of complex subjects,
including algorithms and data structures.

The findings confirm that the proposed model increases the effectiveness of the educational process and promotes deeper
acquisition of programming skills by responding to individual learner needs. The study provides both theoretical and practical
justification for employing digital technologies as instruments of adaptive learning, thereby contributing to the advancement
of scientific and educational practices in the era of digital transformation.

Keywords: adaptive learning, VARK model, Bruner’s methodology, cognitive styles, programming instruction, digital
technologies.
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KOTHUTHUBTIK CTUJIBJEPTE HETT3AEJTEH ITIPOT'PAMMAJIAY BOUBIHIIIA
YHUBEPCUTET CTYAEHTTEPIHE APHAJIFAH AJAIITUBTI OKbITY MOAEJIIH
I3IPJIEY )KIOHE ICKE ACBIPY

Anoamna

By Makanazia skorapbl OKy OpHBIHIAFb! IU(MPIIBIK OLTiM Oepy OpTachl JkarailbIHA alalTUBTI OKBITY/IbI YHBIMAACTRIPY
Macerenepi KapacTeIpbutaipl. JKeke TyJFaHbIH KOTHHTHBTI KYPBUIBIMJIApbl MEH OKy KOHTEHTIMEH ©3apa opeKeTTecyIliH
opTypai saictepine Gedimainirine Herizaenren H. ®nemunrtin VARK okbiTy ctiti Mozeni yebiabuiaipl. COHBIMEH Karap,
Jbx.bpyHepiH omictemeci 3epTTenin, Heri3ri oifiay TypiHe OaillaHbICTBI OKBITYJBI JKIKTEY JKOHE OKY aKlapaTrblH
QHATUTHKATBIKCUHTETHKAJIBIK OHJICYT€ KEKE TICLT aHBIKTaJIaIbL.

Ocbl Teopusuiapra cyiieHe oTbIpbin, «VH(bopMaTHKa» MaMaHIBIFBl CTYAEHTTEpiHe Oarmapiiamarayibl YHpeTyaiH
aIaTTUBTI MOAEINI d3ipJIeHin, icke achIpsuiabl. JKysere acklpy asichlHAA CaHABIK OimiM Oepy Momyipaepi skacanmsin, Khan
Academy mraThopMachiHa MHTETPAIFSUIAHBI. DKCIEPUMEHTTIK ChIHAK OapBICHIHIA CTYJEHTTEp OKY KOHTEHTI OJapIbIH
KOTHUTHBTIK CTWIIBJIEpiHE OelimienreH KypcrapiaH eTil, HOTHXKECIHIEe OKy yirepimi opra ecermeH 15%-Fa apTThl oHe
TOPUTMJIEP MEH JIEPEKTEP KYPBUIBIMIAPHI CUSIKTBI KYPJEi TaKbIPBIITap bl TYCIHY KaKcap/bl.

3epTTey HOTIDKENEPl YCHIHBUIFAH MOJENbAIH OumiM Oepy YIEpICiHIH camacklH apTTBIPBIN, NpOrpaMMaliay CalachlH
TEPEHIPEK UTepyre MYMKIHIIK OCpeTiHIH JKOHE OKBITYIBI jKEeKe KaKCTTUIKTepre OeHiMICYIMiH THIMAI €KeHiH KOPCEeTTi.
3epTTey1iH MaHbI3/IBUIBIFBI HU(PIIBIK TEXHOJIOTHSIAP Il 3IAIITHBTI OKBITYBIH KYPallbl pETiHe Maialaty YIIiH TEOPHSIIBIK
KOHE NMPaKTHKAIBIK Heri3 Oepyinze, Oy mudpIislk 0itiM Oepy KaraaifbIHa FRUIBIMA XKaHE OiliM Oepy OpTachIH JaMbITyFa
BIKTIAJT €Te]|.

Tyiiin ce3aep: amantuBTi OKBITY, VARK Momeni, BpyHep Mopeni, KOTHUTHBTIK CTHIBAEp, Oarmapiamaiay OKBITY,
PIIBIK TEXHOJIOTHSIIAP.
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PA3PABOTKA Y BHEJIPEHUE AJAIITUBHOM MO/IEJIA OBYYEHU A
IMPOT'PAMMMUPOBAHUIO VIS CTYAEHTOB YHUBEPCUTETA HA OCHOBE
KOIHATUBHBIX CTUIEN

Annomayus

B cratee paccMaTpHBarOTCs BONIPOCH OPraHM3ALMH AIANTHBHOTO OOy4YEHMS B YCIOBHSX IU(POBOH 0OpasoBaTenbHON
cpensl B BbIcmieM ydeOHOM 3aBeneHuu. [IpemcraBmena monens crmieii oOyuenns VARK H. ®nemmrra, ocHoBaHHas Ha
HMHIUBUIYAIbHBIX TICUXONOTMYECKHX XaPAKTEPHCTHKAX KOTHUTUBHBIX CTPYKTYP U IPEAPACIONIOKEHHOCTH K Pa3JIMYHBIM
METOJ]aM B3aWMOJCHCTBUS ¢ Y4eOHBIM KOHTCHTOM. Taroke mcciemyercs meromoinorust k. Bpyrepa, mommepxuBaromias
i depeHImaniio 00y4eH:s B 3aBUCHMOCTH OT OCHOBHOTO THITA MBIIUICHHS M OTIPEAEIIIOMAs HHANBHIYIBHBIN MOAXO0 K
aHAJIMTUKO-CUHTETUYCCKOM 00paboTKe yueOHOM HHGBOPMAIIUHL.

Ha ocHoBe naHHBIX Teopuii ObLIa pa3paboTaHa M BHEJpEeHa MOJIEb aJalTUBHOTO OOy4YEHHs MPOrPaMMHUPOBAHHIO IS
cTyJeHTOB HanpaBiienus «HpopmaTtuka». B pamkax BHeapeHus ObUTH CO3/1aHbI IM(PPOBbIE 00pa3oBaTeIbHbIE MOIYJIH U
uHTerpuposansl B miardpopmy Khan Academy. B xoze sKcrieprMeHTanbHOTO MCHBITaHHS CTYAEHTHI MPOLUIM KYpPChI, Te
cofIepKaHUe aJanTHPOBATIOCh MOJ MX KOTHHUTHBHBIC CTHJIM, YTO NPUBEJIO K CPEeJHEMY pOCTy ycmeBaeMocTH Ha 15% u
YIIyUIIEHHIO TOHUMaHHS CJIOKHBIX TEM, TAKUX Kak paboTa ¢ allrOpuTMaMy M CTPYKTYypaMH JAHHBIX.

Pe3ynbrarsl Bccae0BaHUS MOKa3bIBAIOT, YTO HPEATIOKEHHAST MOJIEIb TTOBBIIIAET KauecTBO 00pa30BaTeIbHOTO Mpoliecca
U yDIyOnseT OCBOGHHWE MPOTrPaMMHpPOBAHMS CTyJEHTaMH, 3(GQEKTHBHO aganTupyst OOydeHHE K WHIWBHIYyaIbHBIM
MOTPEeOHOCTAM. 3HAYMMOCTh MCCIICOBAHNS 3aKII0YAeTCS B MPEIOCTABICHIN TEOPETHIECKON N MPAKTHIECKOW OCHOBBI TS
UCIIONIb30BaHMST NU(POBBIX TEXHONOTWH KaK HMHCTPYMEHTa aJallTHBHOIO OOyYeHWs, 4YTO CHOCOOCTBYET pPa3BHTHIO
Hay4YHOOOPa30BaTEILHON Cpe/Ibl B YCIOBUSX IIM(PPOBOTO 00pa30BaHKS.

KaroueBble ciioBa: agantuBHOoe oOyueHue, moaeib VARK, momens BpyHepa, KOTHUTHMBHBIC CTWIH, OOydeHHE
MPOrPaMMHPOBAHHIO, TU(PPOBBIC TEXHOJIOTHH.

Introduction. Education in modern society increasingly requires the application of new and more
effective pedagogical technologies aimed at developing students’ individual qualities and professional
competencies. The formation of such characteristics as adaptability to life situations, independent
acquisition of knowledge, the ability to apply knowledge in practice, critical thinking, rational problem
solving, information literacy, communication skills, and teamwork has become one of the most
important missions of higher education [1]. However, despite the active development of digital
education, many graduates still demonstrate insufficiently formed personal and cognitive qualities
required for successful professional activity.

The rapid development of digital technologies has created favorable conditions for transforming
educational systems and improving the effectiveness of learning processes. Digital educational
environments ensure flexible access to educational content, support interaction between students and
learning resources, and enable the implementation of personalized and adaptive learning models [2]. In
this context, digital technologies act not only as tools for content delivery but also as an effective
adaptive learning instrument in higher education.

Adaptive learning systems allow instructional processes to be transformed by tailoring educational
content to students’ individual needs, cognitive characteristics, and learning preferences [3]. Such
systems contribute to increased learning efficiency through real-time adjustment of educational
trajectories and instructional strategies. The relevance of adaptive learning in higher education is further
strengthened by the growing demand for personalized educational paths that enhance students’
motivation, engagement, and academic performance.

Educational adaptation is understood as the systematic modification of the learning process in
response to changing conditions through the application of pedagogical methods, tools, and
technologies focused on individual learner needs. Researchers emphasize that adaptive learning
promotes deeper comprehension of educational material and supports the development of higher-order
cognitive skills [4].
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Various studies analyze adaptive learning from different theoretical perspectives. Fleming and Mills
proposed the VARK learning style model, which distinguishes visual, auditory, read/write, and
kinesthetic learning preferences. Visual learners benefit from diagrams and images, auditory learners
from listening-based activities, and kinesthetic learners from hands-on practice. Consideration of these
differences makes it possible to design personalized learning trajectories and improve learning
outcomes.

The successful application of digital platforms such as Khan Academy demonstrates that adaptive
algorithms can automate content selection and optimize the learning process while accounting for
students’ preferred styles of information perception. Digitalization also significantly expands
opportunities for mobile and distance learning, enabling students to access educational resources
anytime and anywhere, thereby increasing their engagement and academic activity [5].

Research on the management of e-learning in higher education confirms that adaptive educational
systems play a crucial role in ensuring effective learning based on flexible structures, personalized
content, and continuous monitoring of students’ academic progress. The construction of adaptive
algorithms relies on several essential factors, including students’ initial level of knowledge, learning
speed, cognitive processing ability, individual perception of subject content and age-related
characteristics. Recommendation technologies further enhance personalization by selecting optimal
educational content according to learners’ preferences and learning outcomes [6].

Digital technologies serve as an effective adaptive learning tool in higher education and form the
basis for creating flexible, personalized, and efficient educational systems focused on students’
cognitive, professional, and personal development.

Basic provisions. This study is devoted to designing and implementing an adaptive learning model
for programming instruction within a digital educational environment, based on the VARK learning
style framework and modern adaptive learning technologies. The research examines how these
approaches can be integrated to individualize the learning process in accordance with students’
cognitive styles, dominant thinking patterns, and professional training needs.

The adaptive learning model was implemented through digital instructional modules integrated into
the Khan Academy platform. The use of adaptive technologies made it possible to organize
personalized learning trajectories and continuously monitor students’ progress through digital tools and
intelligent recommendation mechanisms.

The application of the proposed adaptive learning model demonstrated a positive effect on students’
academic outcomes. The experimental results revealed a 15% improvement in academic performance,
as well as a higher level of understanding of complex programming concepts, including algorithms and
data structures. The effectiveness of adaptive technologies was additionally confirmed through the
evaluation of digital monitoring and real-time assessment systems.

The findings of the study confirm that adaptive learning significantly enhances the quality of
programming education and emphasize the importance of integrating digital technologies into
contemporary higher education practice as a key tool for personalized, competence-oriented, and
technology-driven learning [7].

One of the primary criteria in designing adaptive learning processes is the learning style—a specific
way in which a student absorbs, processes, and retains information. According to Fleming’s VARK
model, learning styles reflect psychological predispositions and cognitive characteristics that influence
how students interact with educational content. The model categorizes learners based on their dominant
perception channels (Table 1):

« Visual learners rely heavily on visual representations such as diagrams and charts; seeing
information helps them understand and remember it.

« Aural learners process information most effectively through auditory input, including lectures and
discussions, and may benefit from reading materials aloud.

« Read-write learners prefer text-based materials, engaging best through reading and written tasks.

« Kinesthetic learners grasp concepts through hands-on activities, practical experience, and physical
engagement with the learning process.
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Table 1 - Adaptive learning strategies based on the Vark model

Learning Style

Characteristics

Preferred Educational Tools and Strategies

Visual Learners

Prefer visual representations such as
charts, diagrams, and illustrations.

Use infographics, mind maps, visual flowcharts, and
presentations with minimal text and high-quality
visuals.

Aural Learners

Learn best through auditory inputs like

Incorporate podcasts, recorded lectures, collaborative

material.

lectures,  discussions, and  audio | group discussions, and speech-to-text tools.
recordings.
Read/Write Prefer textual information, including | Provide detailed handouts, reading assignments, and
Learners reading and writing tasks. opportunities for written reflections or essays.
Kinesthetic Prefer hands-on activities and learning | Integrate interactive simulations, real-life project-
Learners through direct interaction with educational | based learning tasks, physical models, and

experiential learning opportunities.

Materials and Methods. The methodological framework of this study was developed to assess the
creation and implementation of an adaptive learning model for programming instruction in a digital
educational environment, drawing on the VARK learning style model and Bruner’s cognitive
methodology. The purpose of the research was to personalize the learning process by aligning
instructional content with students’ cognitive styles and dominant thinking patterns, thereby enhancing
the effectiveness of programming education through digital technologies.

The study began with an extensive review of scholarly literature on adaptive learning, including
works examining the VARK model, Bruner’s theoretical principles, and the application of digital
platforms such as Khan Academy in educational contexts. This review provided the theoretical basis for
integrating cognitive styles and individualized learning approaches into the instructional process [8].

Following the literature analysis, digital learning modules were created and incorporated into the
Khan Academy platform. These modules were constructed to adapt to students’ identified learning
styles - determined through VARK diagnostics - and to accommodate individual cognitive strengths and
weaknesses. The content of the modules centered on key programming areas, particularly algorithms
and data structures, to evaluate how adaptive learning influences comprehension and academic
performance.

To examine the effectiveness of the adaptive learning model, an experimental study was conducted.
Participants engaged with instructional materials adjusted to their learning styles, and their academic
progress was continuously monitored. Additional data were collected through surveys and assessments.
Findings from the experiment indicated an average improvement of 15% in students’ academic
performance, accompanied by notable gains in understanding complex programming concepts.

The collected data were subsequently analyzed to determine the overall impact of adaptive learning
on students’ educational outcomes.

Results. To support a learner-centered educational process, the Department of Informatics and
Informatization of Education at Abai Kazakh National Pedagogical University developed an adaptive
learning model for the Programming course, drawing upon N.Fleming’s VARK model and J. Bruner’s
methodology [3]. This model aims to construct an instructional environment that responds to students’
individual needs, preferred learning modalities, and thinking patterns.

The adaptive model was designed using diagnostic information obtained through VARK and Bruner
assessments:

- VARK diagnostics (visual, auditory, read/write, kinesthetic) identify the preferred channel
through which students perceive and process information, enabling the creation of personalized learning
trajectories.

- Bruner’s methodology evaluates students’ dominant thinking style, allowing instructors to adjust
the learning process based on whether learners rely primarily on analytical (convergent) or intuitive
(divergent) reasoning. Students receive numeric indicators categorizing their predominant cognitive

style.
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The application of these two diagnostic approaches makes it possible to:

- personalize instruction according to students’ perceptual and cognitive characteristics;

- adjust learning materials to better align with students’ information-processing tendencies;

- ensure that each student can strengthen their cognitive advantages and address areas requiring
development.

To determine each student’s preferred learning style, a diagnostic test containing 16 situational
questions with four possible responses was administered. The resulting numerical coefficient identified
the dominant channel of information perception and guided the selection of an appropriate adaptive
learning strategy (Figure 1).

The proposed model not only enhances the overall effectiveness of the learning process but also
promotes a more profound understanding of the material by accounting for students’ individual
cognitive and psychological characteristics. The integration of adaptive learning strategies enables the
creation of an instructional environment that aligns closely with learners’ needs, abilities, and preferred
modes of information processing [9].

The motivational-target component of the model is directed toward achieving the key educational
goals associated with the development of professional programming competencies. A central function
of this component is to foster students’ motivation to engage with the learning material, thereby
encouraging deeper involvement and sustained active participation throughout the instructional process.

Fragment of the test result to determine the student s perception of
erucational information

Verbal channel

Figure 1 - Test result

The content - technical component focuses on ensuring the effective formation of professional
competencies within the framework of the Programming course (Figure 2). This component
encompasses the design and organization of instructional content and technological resources necessary
to support adaptive learning and facilitate mastery of core programming concepts.

Adaptive computer-based learning system

Introduction to programming Python

Introduction to programming

Python

The programming platform
et the Python programming envirg

Figure 2- Fragment of educational material in the form of text
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The content of the electronic course plays a crucial role in the implementation of this part of the
model. It includes various didactic elements, which are developed and presented in various formats
(Figure 3):

1. Text descriptions — containing explanations and theoretical material necessary for learning
programming.

2. Graphical representations — diagrams, graphs, and photographs that help visualize complex
concepts and algorithms.

3. Videos — video lectures, practical video sessions, and webinars that provide learners with a deeper
understanding of the material through visual explanations.

4. Audio — audio lectures, audio dictionaries, and audio references that provide accessibility to
educational content for auditory learners and allow learning while on the go or during rest periods.

5. Interactive modules — for modeling educational situations where students can apply their
knowledge and skills in real-life contexts.

Algorithms and selection

a Intro to computer science - Python

esson 1: Boolean cond

Figure 3 - Fragment of educational material in the form of diagrams and tables

Each information perception style (visual, auditory, kinesthetic, etc.) corresponds to an optimal way
of presenting the material. Importantly, after identifying the student's predominant thinking style, they
are provided with educational content adapted to their preferred style of information perception,
ensuring more effective assimilation of the learning material.

The technological function of the adaptive learning model represents a key process that includes
several important stages, ensuring personalized learning for students. The main adaptation algorithm is
based on the VARK and J. Bruner questionnaires, which help identify students' preferences regarding
information perception styles and thinking types. As a result of the testing, an individual learner profile
is created, allowing the determination of the optimal learning strategy and, based on that, the
development of adaptive educational content that best suits each student [10].

The result-oriented assessment component of the model is responsible for diagnosing the level of
professional competencies development in students in the field of programming, particularly Python.
This component performs several functions:

1. Diagnostic — to assess the current level of knowledge and skills of students.

2. Corrective —to adjust the learning process based on identified difficulties.

3. Reflective — for students to self-assess their progress and recognize the results they have achieved.

For organizing experimental learning, an initial survey was conducted with 31 students using the
VARK and J. Bruner questionnaires. According to the survey results, it was found that:

48.39% of students prefer a kinesthetic learning strategy.

19.35% prefer a verbal strategy.

19.35% prefer an auditory strategy.

12.91% prefer a visual strategy.
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In addition, it was found that 16.13% of students have a pronounced preference for one channel of
perception, while 22.58% of students have a multimodal learning style, meaning they use multiple
perception channels for better assimilation of the material (Figure 4).

To calculate the percentage distribution of students' learning preferences, the following formula was

used (1):

Number of students with this learning style
Percentage of studentsz( ) *100 1)

Total number of students

This table summarizes the learning preferences based on the
survey results

Multimodal Styvle

One Dominant Perception Channel
Visual

Auditory

Verbal

Kinesthetic

0.00 10,00 20,00 30,00 40,00 50,00 60,00

Figure 4- Distribution of Learning Styles

As part of the experimental training, an initial survey of 31 students was conducted using the VARK
questionnaire and the J. Bruner test. Based on the survey results, students' preferences for perceiving
information (kinesthetic, verbal, auditory, visual) were identified, which made it possible to adapt the
educational content to their individual learning styles [11-13]. After the implementation of the adaptive
approach, which included interactive modules, graphic diagrams, audio and text materials in accordance
with students' preferences, control testing was conducted.

Analysis of the results showed that the use of adaptive content led to an average increase in student
performance by 15%. This is due to more effective assimilation of the material, especially on such
complex topics as algorithms and data structures (table 2).

Table 2 - Results before and after implementing adaptive learning for students

Student Score before adaptive learning Score after adaptive learning Improvement (%)
(%) (%)
Student 1 70% 80% 15%
Student 2 65% 75% 15%
Student 3 75% 90% 15%
Student 4 60% 70% 10%
Student 5 80% 90% 10%
Average 70% 80% 15%
. Xp—X
Increased academic performance (%)= % *100 )
1

where:
X1 — average score before adaptation (initial value).
X2 — average score after adaptation (new value).
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Discussion. The purpose of this study was to examine the impact of adaptive learning on student
performance, specifically in the context of programming education. The study focused on determining
how tailoring content to individual learning preferences using adaptive methods can improve student
outcomes. Survey results showed that students’ information processing preferences — such as
kinesthetic, verbal, auditory, and visual learning channels — play a critical role in how effectively they
learn.

The significant improvement in performance (up 15%) observed after implementing adaptive
learning methods suggests that tailoring content to students’ preferred learning styles can lead to more
effective learning. This is particularly evident in complex topics such as algorithms and data structures,
where students were able to engage more deeply with the material through tailored content that included
interactive modules, graphics, and audiovisuals. The results align with the goals of tailoring instructional
strategies to promote better understanding and retention of complex subjects.

Teachers reported a significant difference in student engagement after adapting the learning
materials, indicating a shift towards a more effective and enjoyable learning experience. This suggests
that the use of adaptive learning can not only improve academic performance but also increase student
motivation. Moreover, the results of the VARK and J. Bruner surveys confirmed that a multimodal
approach that includes different learning channels is effective in meeting the diverse needs of students.

The results highlight the need to incorporate adaptive learning technologies into modern educational
frameworks, especially in computer science, where the rapid pace of change requires constant updating
of curricula and teaching strategies. Integrating adaptive learning can help meet this demand by
allowing real-time adjustments to content delivery to ensure that students receive the most relevant and
accessible material for their learning styles.

Conclusion. Based on the findings, the study recommends several strategies for integrating adaptive
learning into computer science curricula:

- adapt educational content to students’ preferred learning styles by using multimedia resources such
as interactive simulations, audio-visual content, and text explanations to accommodate diverse
preferences;

- implementation of adaptive learning platforms that allow for real-time customization of learning
materials, ensuring that students learn content at their own pace and in accordance with their learning
style;

- provide professional development to educators on the effective use of adaptive learning tools and
techniques, ensuring that they are prepared to meet diverse learning needs;

- encourage the use of multimodal approaches that combine visual, auditory, and kinesthetic
elements to engage students in a variety of ways, thereby improving their understanding and retention of
material;

- include more hands-on project-based learning opportunities that allow students to apply adaptive
learning in real-world contexts, such as coding assignments, app development projects, and group
collaboration;

- implement continuous formative assessment to track student progress and adjust the learning path
accordingly, ensuring that students are able to master each concept before moving on to more complex
material.

By implementing these recommendations, can create more personalized and engaging learning
experiences for students. This approach will not only improve academic performance, but also foster a
deeper understanding of complex subjects, especially in the context of rapidly evolving fields like
computer science.

The results of control activities, as well as diagnostics of the level of professional training of students,
confirmed the effectiveness of the implementation of the proposed adaptive learning model. This
confirms that the described study contributes to the personalization of education and is an effective tool
in the digital educational environment. This approach can be recommended for wide use in educational
practice, especially in the context of e-learning, where flexibility and an individual approach to each
student are crucial.
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MODEL OF THE FORMATION OF STUDENTS’ SOCIAL
RESPONSIBILITY THROUGH VOLUNTEER ACTIVITIES

Abstract

This article presents the development and theoretical justification of a pedagogical model aimed at fostering students’
social responsibility through the systematic integration of volunteer activity into the higher education curriculum. The
methodological framework of the study is grounded in pedagogical modeling, a systematic review of scholarly literature, and
the synthesis of theoretical and empirical approaches. The resulting model comprises four interrelated components: target,
content, procedural, and evaluative-resultative. The scientific contribution of this work lies in the construction of a coherent
pedagogical framework that integrates contemporary theories of moral identity, social identity, and transformative learning,
while reflecting current formats of volunteer engagement and educational practice. The model is based on validated principles
of learning environment design and is oriented toward the cultivation of civic consciousness, an understanding of the social
relevance of future professional activity, and a readiness for socially engaged behavior. The findings of this study may inform
the implementation of volunteerism within university curricula and the design of educational strategies aimed at promoting
civic responsibility and social inclusion among students.

Keywords: social responsibility, volunteer activity, higher education, pedagogical model, civic engagement.
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CTYAEHTTEPIAIH BOJIOHTEPJIIK KbI3BMETI BAPBICBIH/IA 9JIEYMETTIK
KAYANIKEPIILJIIKTI KAJIBIIITACTBIPY IBIH MO/EJII

Anoamna

Makanasa CTYACHTTEP/IIH OJICYMETTIK JKayalKepIIUIriH KaIbIITACThIPyFa OarbITTaJFaH IIEAarOTMKAIBIK MOJIEIIBII
YKOFapbl OKY OPBIHAAPBIHBIH OUTiM Oepy YIepiCiHe BOJOHTEPIIK KBI3METTi SHT13y apKbUIbI 3ipiiey jKOHE OHBIH TCOPHSUIBIK
HETi3ZeMeci YCHIHBUIaJBL. 3epTTEYyAiH OJiCHAMAIBIK HETI3IH IEJaroruKajblK MOJEIbACY KaFUIaTTapbl, FHUIBIMA
onebuerTepre XXyieni Tangay *oHe TEOPUSUIBIK dpi AMIMPUKAIBIK TICULIEPiH CHHTE31 Kypaiipl. O3ipJIeHreH MOJeNb TOpT
e3apa 0ailyIaHbICThl KOMITIOHEHTTEH TYPajbl: MAKCATThI, Ma3MYH/IBIK, YAEPICTIK jkoHe Oarasiay-HOTHKe OIOKTaphl. 3epTTey i
FBUIBIMH JKaHAIIBULIBIFBI - MOPAJIBIBIK, OIpereiiIiK, aJIeyMEeTTIK COMKECTITIK jkoHe TPaHC(HOPMATHUBTIK OKBITY TEOPHSUIAPHIH
3aMaHayH BOJIOHTEPJIIK KbI3MET (hopManapbl MeH OutiM Oepy TaxxipubesepiMeH YIITaCThIpy HETi3iH/e TyTac MeAaroruKaibIK
MOJIeNBII d3ipaey. Monens OinmiM Oepy opTachlH KoOanayaplH KaFuaaTTapblHa CYWEHeIl KoHEe a3aMaTThIK YCTaHBIMIbI
KJIBIITACTBIPYFa, KOCIOM KBI3METTIH QJISyMETTIK MaHbI3bIH YFBIHYFA, AMIATHS MEH KOFaMJIbIK Maiijaibl opeKerrepre
J@HBIHIBIKTBL JIAMBITYFa OarbITTalFaH. AJIBIHFAH HOTHDKEJEp BOJIOHTEPIIK KbI3METTI JKOFapbl OKY OpPBIHIAPBIHBIH OKY
KypCTapblHa KipiKTipy/ae, COHIal-aK CTYACHTTEPIiH a3aMaTThIK KayallKepIIJIri MeH QJIEyMETTIK OeNCEeHIIUIITIH TaMbITy
OarmapiamanapbiH ko0aay1a TOKIPUOETiK TYPFbIAA KOJIIAHBUTYbl MYMKiH.

Tyiiin ce3nep: aJIeyMETTIK >kayanKepIIUIiK, BOJOHTEPIIK KbI3MET, JKOFaphbl OLTIM, Ie/IaroruKajibK MOJIENb, a3aMaTThIK
OeJICeHUTIK.
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